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A Restoration Method of Color Image with Strong Noise

WANG Jian—-wei
(College of Mechanical and Electrical Engineering, Northeast Forestry University , Harbin 150040, China)

Abstract In order to solve the missing details problem on restoration method of color image based on RGB color model with strong
noise , according to the theory that decomposing color image to be processed can be composed to new color image , using the theory of spa-
tial processing based on pixel for image,research the point processing restoration approach polluted by the strong noise for color image.
The color image component restoration algorithm is designed based on RGB color model. And the algorithm on R, G and B is given by
call the above algorithm according to the noise intensity. The experimental results show that the algorithm has the advantage of keeping

more details. Compared with the classical spatial filters, it is applicable to solve the restoration problem of color image based on RGB col-

or model with strong noise.
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