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Hybrid Optimization Algorithm of PSO and SFLA

DAI Yong—qiang, WANG Lian-guo
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Abstract : All kinds of intelligent optimization algorithm show different optimized performance because of different evolution principle. To
mix different kinds of intelligent optimized algorithm can complement and promote each othera, and improve the optimization perform-
ance of hybrid algorithm. A hybrid algorithm combined Particle Swarm Optimization (PSO) and Shuffled Frog Leaping Algorithm ( SF-
LA) is proposed by using the rapid convergence properties of PSO algorithm and the outstanding global cooperative search ability of SF-
LA. The algorithm divides the swarm into two sub—groups. In each iteration,one sub—group evolves using PSO algorithm, the other sub—
group evolves using SFLA ,and two algorithms share the information of groups extremum. The algorithm is experimented for three stand-
ard functions and compared with basic PSO algorithm, results show that PSO-SFLA hybrid algorithm outperforms PSO algorithm.
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