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Abstract: In order to find a practical target tracking algorithm using in school monitoring system, the original Mean Shift algorithm is de-
scribed in detail ,and the practical significance of the algorithm is described too. Mean Shift algorithm can get better target tracking with-
out arguments and searching no exhaustive area or other features,but at the same time it has shortcomings,so that it cannot get good re-
sults. In order to meet the actual application requirements, the Mean Shift algorithm is extended by kernel function and weight and the
meaning on this expansion is also explained,and in the analysis of the lack of the Mean Shift algorithm,an algorithm combined Mean
Shift and Kalman filter was proposed. Through the school’ s video surveillance , the algorithm was verified ,and the results showed that the
proposed algorithm can effectively track the target.
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