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Research and Application of Apriori Algorithm Based on
Gray Relational Analysis
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Abstract : Association analysis is an important data mining techniques. In this paper,combined the characteristics of the real estate indus-
try , the association analysis method is applied to the study of consumer purchase behavior. The traditional association rule mining algo-
rithm—Apriori algorithm has large calculation, the low efficiency of mining, resulting in a large number of irrelevant association rules in
practical applications. In order to reduce computation,improve the efficiency of mining and find valuable association rules,the combina-
tion method of gray relational analysis algorithm and Apriori algorithm is presented. First of all, gray relational analysis algorithm to draw
the key factors affecting consumer purchase requirements and preferences,and then use the Apriori algorithm for mining association rules
between the key factor and the target factor. The modeling results show that the association analysis method has a high efficiency of min-
ing and the findings has the reasonableness and accuracy of consumer information records of a city survey.
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