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A K-means Clustering Algorithm of Meliorated Initial Center

DENG Hai, QIN Hua,SUN Xin
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Abstract : The traditional K—means clustering algorithm has the sensitivity and randomness for initial clustering center. So it easily falls in-
to local optimal solution and has unstable results. To solve the problem, proposed a K—means algorithm of meliorated initial clustering
center based on vertical center point of the closest high density points. This algorithm selects K pairs of high density points that have the
maximal distance between each other,and then uses the average values of K pairs of high density points as the initial clustering centers to

implement the traditional K-means. The experimental results show that this algorithm is effective to eliminate isolated points and has bet-

ter accuracy and stability.
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