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Abstract : Semantic similarity is one of the most important parts in domains of semantic networks and information retrieval. The structure
of ontology provides a new perspective for semantic similarity measurement. However, there are varying degrees of defaults in the existing
methods. In order to improve the effectiveness of the existing methods, a novel approach for semantic similarity measurement based on on-
tology construction is proposed after a deep research on various classical approaches. It takes into account many factors, including seman-

tic distance, level, semantic coincidence degree and information content. In order to verify the effectiveness of the algorithm , some com-

parative experiments are conducted using the Wikipedia disclosed amino acid ontology as an example.
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