F23K FS5H

HTENMNRRSEXE
2013 4F 5 /1

ETHUMEENSEHRERRELEEEAR

Frrra' RSN LR BT T R
(1LBMKXF HREEETFT2E TRFR, I &M 325035;
2.8 M K FIWT FER, AL BN 325035)

O SRR s R P A RO AR R BE R AR — A EA PR A TR S 0 G B A AR T B A B T = R
k23 (] A AN IO A | 308 5 A 8 9 B 0 Bt R AT 40T, 45 B e AR B AR A T e AR A AT A JEE S R Esim (X,
V). K5 TA AR RIERE 5 AL Hsim( X, Y ) HEAT LUER, 15 1 DAt Y9 580 06 76 von A AF R 1k 88 5 T T 7 DA Ak e ol 2 7
TRAE AR =22 1] 5 A0 (500 2 ) A X 2 55 T S L O 3, R0 1 TR B3R AR R AT S 38 43T, B0 U 132 bR B80LE e A 2508 5
Vi) SR 28 ) A 5 T R B

SRR« o A s AL B s B SR
hESES TP3IL. | XERFRIZED: A
doi:10.3969/]. issn. 1673-629X. 2013. 05. 008

XEHS:1673-629X(2013)05-0030-04

Research on High Dimensional Clustering Algorithm Based
on Similarity Measurement

WANG Xiao-yang' ,ZHANG Hong-yuan®, SHEN Liang—zhong” ,CHI Wan-le’
(1. College of Physics & Electronic Information Engineering, Wenzhou University , Wenzhou 325035 , China;
2. City College of Wenzhou University , Wenzhou 325035, China)

Abstract: The problem of similarity measurement for high dimensional data between high dimensional spaces is a challenging issue. Ai-
ming at the problems of the inapplicability of the traditional measurement in high dimensional space ,the improved function Esim( X,Y )
is proposed to measure the similarity between the data in high dimensional space through analyzing and summarizing the traditional meas-
urement with the properties of high dimensional data. Advantages of the improved function are obvious between high dimensional space

similarity measurement comparing with Hsim( X,Y ), especially in high values and low values. The experiments by numerical dataset
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demonstrate that the function Esim( X,Y ) is effective and reasonable in high dimensional data clustering.
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