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Human Detection Based on Depth Data Acquired by Kinect

HUANG Lu-dan, YAN Li—min
(School of Mechatronics Engineering and Automation, Shanghai University , Shanghai 200072 , China)

Abstract; In order to realize the computer vision—based motion recognition, human detection must be realised first, and in the past few
years , there are a lot of research and methods on human detection. And in this paper,introduce a brandnew human detection method based
on the depth data acquired by Microsoft Kinect as human scene collector,and then it can remove background depth area from human in
the image,remaining human depth area by processing the acquired depth data. It was verified in the matlab experiment platform and

showed fine results in which background can be removed totally,and the calculation complexity of this method is low. In conclusion, the
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human detection method based on depth data can achieve human detection well.

Key words: human detection ; background removing ; Kinect ; depth data;matlab test
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