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A Parallel Fast Update TD-FP-Tree Algorithm Based on FUP

ZHOU Ai-wu,WANG Yan,CHEN Bao-lou
(College of Computer Science & Technology , Anhui University , Hefei 230039 ,China)

Abstract; TD—-FP-Growth is an improvement to the classical algorithm for mining association rules which called FP-Growth, and it uses
a new data structure TD-FP-Tree. Many incremental mining algorithm of association rules have been proposed based on the Apriori and
FP-Growth. It discusses how to do incremental mining based on the structure of TD-FP-Tree, analyzes the bottleneck of batch mining
and points out the strategy of speeding up update rate. It proposes the fast update algorithm of TD—FP-Tree based on the thought of FUP,
and puts the focus on researching how to handle the TD-FP-Tree with the situation that a single item becomes frequent by non-frequent
when new transactions are added. It processes items classified to reduce the updated execution time, and adopts parallel processing partial-

ly to further improve efficiency. Experiments show that the proposed algorithm not only can quickly update TD—-FP-Tree,but also has a
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better performance on the incremental mining compared with the FP-Tree structure.

Key words : association rules ; TD—FP-Growth ; incremental mining ; FUP; TD-FP-Tree updating
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