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Mathematical-morphological Watershed Algorithm
Based on Marking

CAI Zi—wen,FEI Xiang—dong
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Sichuan University ,Chengdu 610064 ,China)

Abstract : The over—segmentation is a problem of classical watershed algorithm, it presents an improved watershed algorithm based on pre
—processing for image segmentation. The purpose is to suppress over—segmentation phenomena in the process of segmentation, alleviate
the over—segmentation problem. Firstly,the morphological is used to denoise and filter. Then calculate the gradient image, subsequently,
adaptively extract internal marker according to the integrated information of gradient image local minimum value, then carry on the dis-
tance watershed transformation to extract external marker. Based on the marker, correct the gradient image, finally, the watershed algo-
rithm is used to gradient image corrected. The result shows that compared with traditional watershed algorithm, this method can effectively
remit the over—segmentation problem.
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