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Abstract : In order to achieve high efficiency and low cost of massive data mining,and provide decision references for enterprise , the mod-
el of massive data mining based on cloud computing has been proposed. The massive data’s processing and storage of the model were car-
ried on the cloud computing environment. Firstly , take some certain preprocessing for the massive data to form data with the same struc-
ture. Then,use the MapReduce model on the cloud computing platform to parallelly process the data efficiently. Finally, get the needed re-
sult of data mining. The efficiency of massive data mining based on cloud computing is clearly higher than traditional data mining. Mean-

while, the accuracy of data mining will be improved. Along with the increase of data,the advantage of the model will increasingly obvi-
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ous.
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