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Chinese Text Similarity Computing Based on LDA
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Abstract: Text similarity calculation based on traditional TF-IDF vector space model exists high dimensional sparse data,lack of semantic
and dimension normalization , the TF-IDF vector space model based on its semantic extension is to solve the partial problem of semantic,
but its word similarity computation based on dictionary limits its application scope. Proposed a text similarity computing method based on
potential Dirichlet distribution ( Latent Dirichlet Allocation, LDA) ,LDA model can solve all these problems in no dictionary , through the

Gibbs sampling method, the text modeling to subject space,and then use JS ( Jensen—Shannon) distance computing text similarity. The
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clustering experiment results show that this method can achieve high F value.

Key words: vector space model;text similarity ; natural language processing ;latent Dirichlet allocation ; topic model
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