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Abstract: The association rules that have potential value can’t be found by traditional association rules mining. For example, when in the
transaction database mining, some association rules that contain new goods information have always been removed , because of its low con-
fidence. But these rules may have potential value. Users can’t get these deleted rules. But if the external environment changed, these rules
may be useful to users. In order to solve this problem and reserve the rules contain potential value, put forward a new method named asso-
ciation rules mining based on the external environment. Redefined the confidence in the proposed method,and put forward the degree of
economic value. According to this method can reserve the rules contain potential value and fulfill the ranking of association rules, then

meet the demand of user. The experimental results show that the method reserves the rules contain potential value more efficiently.
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