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Microsoft Association Rules Algorithm
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Abstract ; The application of Microsoft association rules algorithm of data mining in financial field is discussed in this paper. The function
of the data mining is mining useful and potential information from the massive data. A business data mining system is created based on
Microsoft association rules algorithm, which can provide better decisions and recommendations for the bank through filtering and mining
the customers” transaction information. The client part of the system is developed with the Visual Studio. NET 2008. And it uses the ob-
jects of ADOMD. NET to associate the data warehouse and the interface and the Web controls to display the result of mining. By using
the application system analyze the customer’s attributes to predict the payment ability and credit card type. The bank also can supply more
service based on the customer’s interest. In the creation of the instance model system the whole program of data mining is introduced in

detail and this helps the development of data mining’s application.
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(1) L1 = find_frequent_I —itemsets( D ) ;

(2) for (k=2;Lk -1 # ® ;5 ++) |

(3) Ck = apriori_gen( Lk — 1, min_sup) ;

(4) for each transactiont € D {//scan D for counts

(5) Ct =subset( Ck,t ) ;//get the subsets of ¢ that
are candidates

(6) for each candidate ¢ € Ct

(7) c. count ++;

(8) |

(9) Lk = {¢ € Ck| c. count =Zmin_sup}

(10) |

(11) return L = U k Lk;
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Loan Credit Card|

account_id disp_id

Permanent Disposition

Order Account Disp_id, Client
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account id || Demograph
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create mining modelloan_status_evaluate

account_id text key, // P ID
district_id text discrete, //%& ) FTTEHLIX.
birth_number text discrete, //H 4 H
duration text discrete, / /BRI B
amount text discrete |, /B

[ status ] text discrete predict //FEFCIRZS

)

usingMicrosoft_Association_Rules
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Insert into loan_status_evaluate ( account_id , district_
id , birth_number , duration , amount , [ status ] )

openquery ( [ Warehouse ] ,

“select account_exercise. account_id , account_exer-
cise. district_id,

client. birth_number,

loan. duration,
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loan. amount ,
loan. status

from dbo. account_exercise, client, loan , disp

where account_exercise. account_id = loan. account_

and account_exercise. account_id = disp. account_id

and client. client_id = disp. client_id )
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Select t. account_id,t. district_id ,t. birth_number,

t. duration , t. amount , predict ( [ status ] ) ,

predictprobability ( [ status | )

from loan_status_evaluate prediction join

open query ([ Warehouse | ,

“Select account_evaluate. account_id, account_evalu-
ate. district_id , client. birth_number, loan. duration, loan.
amount , loan. status

from dbo. account_evaluate , client,loan , disp

where account_evaluate. account_id = loan. account_
id

and account_evaluate. account_id = disp. account_id

and client. client_id = disp. client_id *) as t

on loan_status_evaluate. account_id = t. account_id

and loan_status_evaluate. district_id = t. district_id

and loan_status_evaluate. birth_num= t. birth_num
and loan_status_evaluate. duration = t. duration

and loan_status_evaluate. amount = t. amount

and loan_status_evaluate. [ status] = t. [ status |
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account_id district_id birth_numl duration amourt Bxpression BEpression
8519 23 "500115" 12 74688 A" 0E557377...
8523 5 "805912" 12 93036 A" 0E557377...
8533 47 "B25216" 48 174048 "C" 1

8547 14 "455223" 36 173016 "C" 1

8558 1 "351215" 60 288360 "C" 0.7T366782...
8564 (2] "450107" 24 76680 "C" 0.5274505...
8564 ] "545319" 24 76680 C 05274505
8566 74 "426109" 36 230220 "C" 1

854 62 "545316" 48 87216 C 1
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amount = 89340, district_id = 60. duration = 60
amount = 89340, district_id = 60. status = "C"
amount = 89340, duration = 60, status = "C"
amount = 428784, district id=1

amount = 428784, duration = 48

amount = 428784 status = "C"
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amount = 88704, district_id = 23 -> status = "C"
amount = 66840, district_id = 15 -> status = "C"
amount = 66840, duration = 24 -> status = "C"
amount = 130896 > status = "C"

amount = 130896, district_id = 38 -> status = "C"
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233749 AT e . DARSTRATINAQIRNII . 23270 TAM
A6 FAMEHKEREREZKSE

T 8 XTSI (1) 30 R A RN S B ) I IR AR 1 L 3%
A LAARZS By Wt o AU o O GO . 2 R 3 i 42 4l A
RUFUIN H 0 E5H F0 S5 s 1) B AR 25 T L, BT LATA
ZAZPRRIAYIE AP 3248 1 A PR RTE Y . A,
T SR 30 o S R N ) A R S B ) BSOHE AR 25 AR
Z IS AZRER GRS AN T HURY , WA 200 58 A A3 | R
SRR HHT R RIPEAL

FRY A HADR SO T RE , R C R AR

(T#%33 W)



i1 T A TR AR FA Web IS5 QoS shASTTHEMISY -33.

PEOPIAE Web BR55 4L SE I, I X 70 1 R iR 55 o i
UESUBSES IR SVISENPIR iU A I S i
Web 255 20 W I Ik 55 B B & QoS 571k, 9L
HET 20N QoS Bl A5 T ik BE A8 S AT it 4R 45 21
W55 19 QoS , b B 1 AN [R) D) RE AL PN i1 lle 554K
SRR AR A R, 2 it &
WLEZ R [N 2R B 5 B A B Zh 2 QoS TR AN, it —
A 5E3 QoS MY EEET5 1%, i AL I 55 oIk A9 2 B A A A
B LA DR 55 21 5 B ) Sl A5 PR AL

SE Ak

[1] Web Services Activity[ EB/OL].2002. http://www. w3. org/
2002/ ws.

[2] WSDL. Web Services Description Language. 1. 1. [ EB/OL].
2001-03. http://www. w3. org/ TR/ wsdl.

[3] W3C. SOAP Specification[ EB/OL]. 2007. hitp://www. w3.
org/ TR/ soap/.

(4] & B, B FE0. Web RS A% O ST HA 5045
I, B4 ,2004 ,15(3) 1428 -442.

(5] BMESC, H2Iebk. —FhSEHF QoS LI Web 45 e AR A
[J]. PHEEHLAA4 2005 ,28 (4) :589-594.

[6] Comuzzi M,Pernici B. A framework for QoS—based Web serv-
ice contracting[ J]. ACM Trans. on Web,2009,3(3):1252—
1254.

[7] Lin Chia-Feng, Sheu Ruey-Kai, Chang Yue—-Shan,et al. A

relaxable service selection algorithm for QoS—based web serv-

ice composition [ J ]. ELSEVIER Information and Software
Technology ,2011,53(12) :1370-1381.

[8] Stephen S, Yau Yinyin. QoS—based Service Ranking and Se-
lection for Service—based Systems[ C]//2011 IEEE Interna-
tional Conference on Services Computing. [s. 1. J:[s. n. ],
2011.

[9] YangSJ H,Hsieh J S F,Lan B C W, et al. Composition and
Evaluation of Trustworthy Web Services [ J |. International
Journal of Web and Grid Services,2006,2(1) :5-24.

[10] Vambenepe W, Thompson C, Talwar V, et al. Dealing with
Scale and Adaptation of Global Web Services Management
[ C]//Proceedings of the IEEE International Conference on
Web Services(ICWS05). Orlando; [ s. n. ],2005:339-346.

[11] Ran S. A Model for Web Services Discovery with QoS[J].
ACM SIGEcom Exchanges,2003,1(4) :1-10.

[12] Wang Xia, Vitvar T,Kerrigan M, et al. A QoS—aware Selection
Model for Semantic Web Services| C]//Proceedings of the 4th
International Conference on Service—oriented Computing. [ s.
1. ]:[s.n. ],2006:390-401.

[13] BRYEFE,H  r, B {RIE, 5. —FF Web Service 1 i 55 Jii &2
T[T AR AR, 2009,20 (8 ) :2062-2073.

[14] BEOC, ARG, Web IR55 QoS 11 H i £ (55 T L AL fF
FELI] T PR 274l (A AARHFR) ,2009,34 (4) 535~
539.

[15] Papazoglou M P,Paolo T,Schahram D, et al. Service—oriented
Computing; State of the Art and Research Challenges [ J].
IEEE Computer,2007,40(11) :38-45.

(L#F 28 W)

4 HRiF

NI B 9 S P DA T4 B4 0 5000 2 36, ) M9
B b RO S A G IR 1 I 45, 356 A 2 0 4
FOPERT, SCrRR o T I B 6 () B 2 0 R e kA7
TAMHANSEE IFSE BT — AN TR A {E R 52 B A ARAT
b 55 B F 5, 6 P PR L B I A T
F TR T T TG I6E 1 U 4 2R 5 114 T
BFgE.,

SE IR
[1] ZRZE. B ESEIRIZHIM]. et 5 R RS W
#1,2005.

[2] B, A, BRI, 5. SQL Server 2005 £iU4i 42 47 £
REFUES & P B E RN A LT]. iR SRR,
2010,20(2) :229-232.

[3] B Ho, 5RMOF. BOEI2 8B AR AE QR & P A5 FTAG (4 5
AT AHEDE AR S & B2 ,2008,18(5) :179-181.

[4] REHLE AE. 20 2 4R A S0 H 4 i P 4 ik

[J]. V225830 K 2F 247 ,2006,40 (8 ) :923-927.

(5] B #, T B iZEEMEIENRATEII]. TR
LT 250 ,2006,42(31) :171-173.

(6] HBWEA, THIE. FURIZH IR S5 EIM]. dbat. hE K
7K B B, 2003 :123-135.

(7] ¥ 3, WA SCHBFZHE AT Apriori SEIL RIS T].
TR R 224, 2003 ,32(1) :76-79.

[8] ZRZEF, FHAER, TICH. —FhBlr ki Apriori 2 31 56 1L
WS ]. TR AR 5 K R ,2006,16 (12) :89-90.

(9] ZEgA, TARR. 280 CIEHALIN i) Apriori BV i) — Fi ikt
PELJ]. HHEALTHE,2002,28(7) :104-105.

[10] Han Jiawei,Kamber M. ¥4 ZH S S5H AR [ M]. 8 B,
/IR, U AL TR Toll H iAt ,2001 £ 149-180.

[11] KRR, RES, INEIE, . FET FP-tree Y EFINEIH
I BT AL 1], BAF 4R, 2003, 14 (9) 1 1586 -
1592.

[12] deggife, TALE, 2= ¥, % Jouk £ 8 FP-Growth .7k
[J]. ML ,2011,31(5) :1391-1394.

[13] Microsoft IR RS [ EB/OL]. 2008. http://msdn.
microsoft. com/zh—cn/library/cc280428. aspx.



