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Abstract: Simple data set can get its correlation among data by the association rules. While in many other cases , the correlation hidden in
the data cannot be found in this way. So, indirect association rules are needed to analyze database frequentness in transaction set and reveal
the correlation hidden in the data. The research uses the concept hierarchy and affinity methods to discuss the frequent item sets occurred
in the FP-tree,and examine the candidate association test to verify whether it is eligible for the support condition. Then use the frequent

item sets to find the indirect association and its inherent rules in order to build indirect association mining algorithm free of intermediary

2012

conditions.
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