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Abstract : Audio classification is widely applied in multimedia applications , which mainly has time domain analysis and frequency domain
analysis methods. In this paper,an audio classification method based on APR algorithm and SVM algorithm is proposed, first use the APR
algorithm to distinguish between voice and non voice, for non—voice take audio classification by SVM. APR algorithm is to compare the
PR parameters and thresholds to distinguish between voice and non voice,is closely related to SNR,and non-voice is divided into four

groups : music , cars , meeting , rain, extract the feature factor. The experimental results show that:the accuracy of the classifier designed in
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this paper is to reach over 93.75% ,good separation of various types of audio.
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