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An AAM Localization Method for Human Facial Features
Based on Deflection Angle
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Abstract: For face feature localization that has deflection angle, model angle and the initial position of fitting have a great effect on face
feature localization. However, traditional AAM ( Active Appearance Models) face feature localization method do not think about this
problem, the location accuracy and speed for the face with deflection angle feature points is not ideal. A method based on deflection an-
gle was proposed in this paper to solve this problem, a kind of method is put forward. This method uses two eyes and mouth center coor-
dinates to calculate face deflection angle and find the initial position of fitting and templates. Adaboost algorithm and facial skin proper-
ties in YCbCr color space are applied to pre—detection of facial features in the images, according to the features area that is found in pre
—detection the deflection angle was calculated, inverse compositional algorithm combined with the template of the angle were used to lo-

cate feature points. Experimental result shows that for feature points localization of face which have deflection angle, this method are im-
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proved than traditional method in both accuracy and speed.
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