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Moving Object Extraction Based on Improved
Gaussian Mixture Model
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Abstract: Background extraction is 2 key step for image and video processing technology. In this paper, the moving object extraction in
the static background is studied. In recent years the Gaussian mixture algorithm received extensive attention. The traditional algorithm
model each pixel a fixed number of components, which is not optimal in: term of detection and computational time. And the algorithm is
sensitive to the adjustment of the learning rate. In this paper, improved adaptive algorithm is put forward for moving object extraction. The

major improvement is the number of mixture Gaussian components and the discriminant criterion. The experiment resuits show that the
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improved algorithm is better than traditional algorithm in both adaptability and computing speed.
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