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A New Text Classification Algorithm—One Class SVM-KNN
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( The Opening Laboratory of Intelligent Computing, Jiangsu University of Science and Technology,
Zhenjiang 212003 ,China)

Abstract: Text classification is widely used in database and search engine. KNN is widely used in Chinese text categorization, however,
KNN has many defects in the application of text classification. The deficiency of KNN classification algorithm is that all the training sam-
ples are kept until the samples are classified. When the size of samples is very large , the storage and computation will be costly , which will
result in classification deviation. One class SVM is a simple and effective classification algorithm in one class. To solve KNN probiems,

a new algorithm based on harmonic one-class—SVM and KNN was proposed, which will achieve better classification effect. The experi-

ment result is shown that the recall computed using the proposed method is obviously more highly than the KNN method.
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