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Compressed Sensing of Image Based on NIOS 11
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Abstract: Compression Sensing { CS) is a new theory in sparse signal processing field which was proposed in recent years. It combines
the signal compression and sampling simultaneously. It breaks through the bottlenecks of Shannon sampling theorem and makes the high
resolution signal acquisition possible since the signal measurement data is far less than the data of the conventional method. Developed by
ALTERA company ,NIOS Il embedded processor is the second generation of the programmable soft core processor with its flexibility suit-
ing for terminal data processing. Orthogonal Matching Pursuit (OMP) is a classical algorithm of reconstruction in CS theory. The prob-
lem that image reconstruction needs large storage and time is solved by proposing image dividing compressed scheme. Considering the rel-

ativity is disserved between colurx'ms when reconstructing the original image, proposed an algorithm by equalizing the data of image in

rows and columns. Results in actual system show that these two improvements have achieved good effects.
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