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Abstract: For the random gravity migration of the tandem container caused by the goods placed unevenly in sub—box weight,a self—ad-
justing algorithm is proposed based on radio basis function neural network. K-Mean clustering algorithm is used for determining the pa-
rameters of RBF in hidden layer,and RLS algorithm is adopted to update weights of connections between hidden layer and output layer.
The center of gravity of tandem container can be calculated dynamically according to the algorithm model to various models an multiple
speed, so that get the accurate weight of each container. By simulating and comparing with RBF and BP algorithms , the experiments pres-
ent the best of environmental adaptation and the least of weight error of the self-adjusting algorithm based on RBF,achieve the purpose
of self-adjusting correction for the tandem container’ s gravity migration.
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