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Fault Diagnosis Model
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Abstract ; In order to tap the information and knowledge hidden behind the test data of inertial apparatus,solving the problem that data is
rich but information is poor,apply data mining technology to select typical fault test data,referring to CRISP-DM and taking Clemen-
tine12.0 as the platform to design and implement the model of inertial instrument fault diagnosis. Propose C5. 0 algorithm based on two
—stage clustering that is using C5. 0 based on two—step and k—means clustering ,compared with traditional C5. 0 algorithm, the prediction
accuracy and universal capacity has been improved. The results prove that the model of C5.0 based on two-stage clustering has good

classification capacity and strong interpretability , which provides a research base for fault diagnosis system of inertial instrument based on

data mining technology.
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