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Study of Diagnosis for Diseases of Agricultural Crops
Based on Multi-Layer Perceptrom Networks
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, Technology, Huhhot 010080, China; ‘
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Technology, Huhhot 010080, China)

Abstract: The manual diagnosis for the diseases of agricultural crops is often restricted by the individual ability and experiences so that
one cannot obtain the precise results of diagnosis. To overcome this pitfall, the merge of exben systems with the rich pathological knowl-
edge and the utilization of pattern recognition algorithm can significantly improve the precision of diagnosis. Therefore, it greatly increa-
ses the quantity and the quality of crop’ s production. A pattern recognition technique based on a multi-layer perceptron (MLP) neural
network is applied to the diagnosis of soybean diseases. The MLP neural network, which is a novel and efficient feed-forward network,
is based on the reflections of cortical neurons on the éxternal stimulus and can be used to solve the problems of nonlinear inseparability.
Firstly , nineteen typical symptoms of soybean diseases are collected,, and then constructed to form an experimental sample set. Secondly,
set up and train the MLP network model using back propagation algorithm. Finally, the test shows that the RBF model has high diagnosis
precision and strong generalization ability.

Key words:back propagation algorithm ; multi-layer perceptron neural network; disease diagnosis;pattern recognition.
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1. diaporthe—stem—canker( 6] BE 55 X 15% ) : 10

2. charcoal —rot ( JRIE%H5) : 10

3. rhizoctonia—root—rot ( SLAG AL MR ENR ) : 10
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