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Time Series Segmentation Based on Fixed Number
of PIPs Detection
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Abstract: The algorithm of time series segmentation based on the series important points can better retain global characteristics of series

and fitting high accuracy. The traditional segmentation algorithm chooses segment point only through error threshold but fixed number of

subsection. It can not meet the application which requires fix segment number. It proposes an algorithm based on fixed number of PIPs

detection ( PLR_FPIP) , which uses the ideas of binary tree level traversal, re—adjust the order of the original method and use PIPs com-

posed of straight time series. Experimental results show that this algorithm can reflect the main characteristics of time series in cases of

fixed number of PIPs ,and the algorithm is simple, fast, low total error.
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PLR_PIP( stpos, endpos, X,e )

Begin

CalculatePip ( stpos, endpos ) 5 //11T 8 M stpos %
endpos Y H B p AL AR segpos, AR 5B Bl R it iR 2 total _

err

, %, > HIR

If total_err > e

PIP«—segpos; // %% segpos 5 A PIP

PLR_PIP( stpos,segpos, X,e ) ;

PLR_PIP( segpos,endpos, X,e ) ;

End

Return PIP;

End
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PLR_FPIP( X,e.k )
Begin
FPIP=[ ] ,//%]# 4k FPIP
FPIP«—stpos ;// ] /5 stpos fIlA %] FPIP
FPIP«endpos;// 4 I} /5 endpos fil A 8] FPIP
InitQueue( Q) ;//FI 4L BAFY
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InQueue(stpos, Q) ;// F14f 15 stpos ABA

InQueue( endpos, Q) ;// 4 1k X endpos ABA

While | EmptyQueue And FPIP not full

stpos= DeQueue( Q) ; //FFHIHI

endpos= DeQueue(Q) ; //FFFILER A

CalculatePip ( stpos, endpos ) ; //1 B M stpos F|
endpos ) E B AT segpos, A J5 R B RitiR % total
err

if total_err > e /Xt BIHRE KT e WHLRERHT
5B

FPIP«—segpos ; // ¥ segpos AT BUS S

Left_err= Calerr ( stpos, segpos ) ; // 118 M stpos %]
segpos ML Gk E

Right_err = Calerr ( segpos, endpos ) ; //31 5 M seg-
pos 3 endpos KIRLEiR

If Left_err > Right_err

InQueue( stpos, Q) ;

InQueue ( segpos,Q) ;

InQueue( segpos,Q) ;

InQueue( endpos, Q) ;

Else

InQueue ( segpos,Q) ;

InQueue( endpos,Q) ;

InQueue( stpos,Q) ;

InQueue( segpos,Q) ;

End

End

End

Return FPIP;

End
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