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Abstract: SVM represented many unique advantages in many applications, such as solving the problem of nonlinear, high dimension pat-

tern recognition and small sample problem. A method was promoted in this paper. It was removing point clouds using SVM sorting tech-

_nique. It could be generalized to test and estimate the big scale data by training the small sample. SVM classification method was used

to train, test, classify the point clouds data sample, so that it could achieve to the goal of denoising. The experiment showed that this
method could remove the noise effectively while preserving the point clouds information relative completely.
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