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Application of Support Vector Machines in Personal Credit Rating
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Abstract ; Personal credit rating plays a vital role in bank credit business. In order to increase personal credit rating accuracy , support vec-
tor machines (SVM) is used to solve the problem of personal credit rating prediction in this paper. With the data set about credit from
Germany, optimal parameters are obtained using 5—cross validation via parallel grid search, then four different kernel functions are select-
ed to train the date set. The experimental results demonstrate that RBF kernel function is more suitable for the data set. As the data set is

unbalanced, the rates of the first class error and the second class error are efficiently balanced by setting different punishment for different
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datasets under the premise of better overall prediction accuracy. It can be used as reference for the bank credit decisions.
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