21 %

®2H HENMERSAR Vol.21 No.2
2011 42 A COMPUTER TECHNOLOGY AND DEVELOPMENT Feb. 2011
ETFHRFERTIBAER Web {5 2 X
(3

B B TSR TG A S R T — R T e
OB A (5 B HHIOA Aty ARSI T 64 545 AT A 5 R
%3], 3K13 Web BT 5 SR AIIRIRAE . @R

A SRR I B 4 Al

K OE, K 4, ETHE,THBR
MAF FENAFERZESR, TN T\ 550025)

FAEA U AR Web {3 BRI L, RBERLUET
AR QBRI 2R)GE54 DOM W AR A U 2 s 2 =X
L XUFRI AR B A Y 3 AR LA BT S A S T R B TR BT A 4k
fERAT A5 B OB . (A ST SR AT Web {3 BURHIER , BA A e R e e oy I () 2 FEAIG L P R 4 8
SRR BRI ; SUBAN A Web {5 BB B2 2T B R
HESHESTP391.4

) ; 1 7
XERERIRES A

’

TEHE 1673-629X(2011)02-0058-04
Visual Features and Domain Ontology—Based Web
Information Extraction
ZHANG Xin,CHEN Mei

WANG Han-hu, WANG Yan-ran
( College of Computer Science and Information, Guizhou University, Guiyang 550025, China)

Abstract ; Put forward a Web information extraction algorithm based on visual features and domain ontology in order to solve the problem
degree of automation

—

*
of Web information automatic extraction. This algorithm is on base of domain ontology-based Web page information extraction , accord

ing to the visual characteristics of the sample Web page to accurately delineated the area of information extraction, and get the Web page

information item extraction path by combining DOM tree technology and extraction path heuristic learning. Through the domain ontology
which is automatically generated by the extraction path, get the extraction rules of the information items. Using this algorithm for Web in-

formation extraction has many advantages, such as higher recall and precision rate, lower time complexity, lighter user burden and higher
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