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Implementation of ADL Algorithm on GPU
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Abstract . In order to gain much better image quality, ADL (adaptive directional lifting) wavelet transform takes use of the texture prop-
erty of image to implement the transform coding at the cost of high computation complexity. Implement the interpolation and directional
lifting transform of ADL in parallel on GPU ( graphic processing unit) with CUDA ( compute unified device architecture) to speed up the
image encoding. Both fine-grained and coarse—grained granularity parallelization are used for data block and pixels respectively in inter-
polation, while only coarse—grained granularity is used in nine directions for transform. Experiments results show that implementation of
ADL on GPU is 4 times faster than that on CPU. The total time of ADL. transform image coding on CPU-GPU framework is almost 4

times faster than on CPU.
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