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Research on Sequential Pattern Mining Based on
Algorithm of Matrix
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Abstract ; Based on several shortcomings of algorithm of the sequential pattern mining. Itmust scan the database many times, so a number
of CPU to I/ O operation, it become bottlenecks. The efficiency of algorithm is not high in practical applications. The paper presents an
algorithm of matrix, that is, in a scan database, in accordance with scan data to establish the matrix of affairs which are composition of
0 and 1. Then, large sequence and sequential patterns are all out pass the vector of matrix multiplication operator corresponding to the el-
ements and simple addition operations have been. So that the algorithm has been further optimized to improve the CPU rate of utilization.

The algorithm use a large number of experimental data to prove that the algorithm is indeed effective to optimize the algorithm of com-
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plexity of time.
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For (k=2; Lk~1#@;k++) do
Ck=Get_candidate(Lk-1) ;

For all customer sequence c € Dt do
Ct=subset( Ck,c);

For all s € Ct do s. sup=s. sup+1; end for
End for;

Lk={s e Ckls. sup=minsup/ ;

End for
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End if
If k=nest(last) then
For all customer sequence ¢ e Dt do
Dt=subset(Ck,c);
For all s € Ct do s. sup=s. sup+1;
End for
End for
End if
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For all customer sequence ¢ € Dt do
Ct=subset(€Ck,c);
For all s € Ct do s. sup=s. sup+1; end for
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End for
Else
Delete all sequence in Lk contained in Lk(i>k) ;
end if
End for
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