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Abstract: This paper is focused on the methods of document clustering, that is to classify the documents in the document set so as to
achieve the aim of accurate clustering. Proposed a method which combines the Fuzzy C — means with improved LSA to do document clus-
tering. A new method of feature extraction was used to construct term — document matrix. Do singular value decomposition for the ma-
trix, extract the document’s latent semantic space from the traditional VSM vector space so as to change the document vector of high di-
mension to semantic vector of low dimension. Use cosine between the documents semantic vectors to present the similarity between docu-
ments. Then use Fuzzy C - means to do document clustering based on the results of similarity calculation above. Do the experiment on the
documents data of campus forum, this method reduces the computer processing complexity and improves the veracity of similarity calcula-

tion. Experimental result shows that the proposed method can get better document clustering effect and the accuracy of clustering is high.
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