124 HENEREAR

B8 B Vol.20 No.12
20104 12 B COMPUTER TECHNOLOGY AND DEVELOPMENT Dec. 2010

BTG O 1 B T R T

¥ &, THHE
(R AF GFHEE THEFR,ZH dF 210003)

N ENETEAEHNCAEREGSERMIONA, RARFERRCEEFERUAAZSWERB. HT#
REAPORIRTFEER PR, R T B T SERNE 0 15 SUOB AL BRI B4 - R RIS SE SR F 3 O BY P28, B i) SR
YR PSIAS MBI RGNS RIREST . XRBEMBRT ERBRER, Xtk T RSEE. HHRAREN, HEK
EMATEESWEMT UERIREBKERAES, DRAEE LR IRENBEARKHBE,

SRR SRR 0 1A OB L B

F @S . TP301.6 RMEARIREG A MRS 1673 - 629X(2010)12 — 0090 — 04

Blind Detection Based on a Converse Ant Algorithm
Using Elitist Strategy
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Abstract: In this paper, blind detection algorithm based on the ant colony optimization is firstly proposed. The ant colony optimization al-
gorithm has found slow convergence and easy to stagnation. In order to deal with the shortcomings of the ant colony algorithm, a blind
detection based on a converse ant algorithm using elitist strategy is proposed. Increasing ant species and inducting converse ants and elitist
strategy into the ant colony, the ability of searching for global optimal solution can be improved. This will not only strengthen the role of
positive feedback, but also the speed of convergence. The simulated results show that the algorithm can directly and quickly blind recover
the transmitted signal and the convergence speed and global optimization capability have greatly improved.
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