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Abstract: At present, because of the poor intelligence, the traditional syntactic — based service discovery has been unable to satisfy cus-
tomer’ s expectation. For building ontology library in the different areas and situations, establishment of mechanism for the semantic —
based Web service discovery is very complicated. Combining the above two approachs, a mechanism for Web service discovery based on
WordNet and the Kernel function is proposed in this paper. First, choose Kernel — WordNet ~ VSM can be utilized to solve the services
classification, and WordNet is used to make vector dimension reduction on the extracted feature, Kemel function also calculate the stmi-

. larity between vectors. Then minimum path between the words in the concept chain of wordNet is used to match user’s requests and ser-
vice on the functional attributes of service based on semantic level. Thus in terms of intelligence service discovery has been improved to
some extend while the accuracy is improved in classification of services on a certain.
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