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Abstract: By collecting and analyzing the characteristics of network traffic, network traffic models can reflect the real network traffic us-
ing mathematical methods. The traditional Poisson model is not suitable in the modern data networks which can not reflect the real flow
trend. However, since Hosking discovers the self - similarity of network traffic, self — similar models have continued to emerge. This ar-
ticle focus on researching network traffic data analysis and forecasting using FARIMA model. The experiment data is quite similar to the
real one, because it’s not only LRD but also SRD . And the model has been improved, this article puts forward a new network traffic

forecasting model called SFARIMA.
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[p,q] = CalAIC(FArray) ; //fHERIB4
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Loop
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int ch= lhrusterNumber;

long lhrusterdistanceMin=0;

long ThrusterdistanceMax = 505

double conspeed = 500003

double maxspeed = 50000

int state= set _ conspeed(ch, conspeed) ;

state = set_ maxspeed(ch, maxspeed) ;

long pos = (long) (Ihrusterdistance/d * pp);
Sleep(int(pos * 1000/conspeed) ) ;

do!state= check. done{ch) ; | while(state>0);
state = con.- pmove(ch, pos) 3

do}state = check - done(ch) ; } while(state>0);
state = con pmove(ch, — pos) ;

Sleep(int(pos * 1000/conspeed) ) ;

dolstate= check . done(ch) ; } while(state>0) ;

return true;

}
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