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Improved Research of Clustering Algorithm Based on PSO

ZHANG Li,LIU Xi-yu
(Shandong Normal University, Jinan 250014 , China)

Abstract; The existing common clustering algorithms of multi ~ dimensional data usually require giving the number of clusters k in ad-
vance. However, in most cases, the number of clusters k can not be determined in advance, so the best number of clusters k needs to be
optimized. Use the clustering algorithm based on particle swarm optimization. In order to solve that the clustering algorithm based on PSO
can not determine the number of clusters k, by the k —means algorithm, achieve the best number of cluster k and the structuring of the

cluster validity function. The testing has proved the effectiveness of cluster detection function to determine the best number of clusters,
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and because of the introduction of the weights of classes, the detection function can be better applied to real data analysis.
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