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Abstract: The pure clusters can be gotten by the traditional covering algorithm, though the shape of the coves is just ball alike. And the dif-
ferent shapes of covers can be attained if the clustering method is proposed to get covers. Combine the two to get optimum covers, and
then extend to other learning algorithms such as NaiveBayes, SVM, cross — coverage, etc. It is called a combined learning algorithm of opti-

mum covering based on clustering. Not only it can get covers of different shapes, but also get clusters of all pure. The experiment proves

the algorithm generates not only fewer covers, but also of greater precision. It has some ability of anti — noise.
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