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Abstract: Picking up data needed by diagnosis from thousands and thousands of cases stored in case history and follow — up database sys-
tem, hold a effective mining algorithm to realize data mining of disease treatment. In this study, discuss in detail the theory of data min-
ing and the related practical method of constructing a rule of correlation depending on the mountain of data in the case history and follow
— up database. Through Apriori algorithm analysis, constructed a highly purposive correlation rule among the data. Through discussion,

see that a suitable Apriori algorithm for the construction of a correlation rule will not only increase the efficiency of data mining in case his-

tory and follow — up database, but also set foundation for building a disease treatment information database.
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