#2208 HEOW HTENRARASEAR Vol.20 No.9
20104 9 A COMPUTER TECHNOLOGY AND DEVELOPMENT Sep. 2010

BT 8RB MESR R X s

EAP R PSS N e
(BFELEIRXS HENERMEFR, LA &F 210044)

i B NESEEEMAKREERE SR CEPEBRAMBXBHAN, ZERNREBERAGEE. 2REHEZE
FEERRFEZ—, L EHORE ST ARUE, B VIR P R BERRBL R B R 1E, b B — D RIRF) —HOERRAY
MRRE MR, ERFAREEEN T RRERS LS, REE I TSR A — DU, @ —F R
/RGBT, BT R RSR, ARG SRR TR R EBRR T rKBCR , KRRARE
TR 88 B0 22 P48 AT A RO AT BB 2 I A Ko
KR BRI ARG 03 BRI HE

hE %S TP311 X ERERIRES A XERS 1673 -629%(2010)09 - 0111 - 04

Design and Implementation of Classification Mining Based on
Single — Layer Perceptron Artificial Neural Network

WANG Bi-giang, BI Shuo-ben, DONG Xue-shi
(School of Computer & Software, Nanjing University of Information
Science & Technology, Nanjing 210044, China)

Abstract ;: Data mining is to extract the interested potential knowledge from the large database and data warehouse. Classification is one of
the most important research directions of data mining, which aims to find an accurate description or model for each category by analyzing
the characteristics of data in the training set. How to solve the problem of classification in a scientific way is a hot spot and difficulty in the
field of data mining research. In this paper, propose a data mining classification method based on the single — layer perceptron neural net-
work. Some simulation experiments are made to verify the effectiveness and the feasibility of the proposed methods, and the classification
results are graphically displayed and demonstrate that the single — layer perceptron neural network can be used to solve the problem of clas-
sification data mining effectively.
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