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Abstract : Cluster analysis is a very important method in data mining and is widely used. Clustering algorithms have a variety of categories,
and each method plays a different role in different areas. For the purpose of research gird — based clustering algorithm, describe the re-
quirements of the clustering algorithm and a vaniety of clustering algorithms; Make special research for gird — based clustering algorithm
and comparatively analysis’s of gird — based clustering algorithm . Each gird — based clustering algorithm has its own advantage and disad-
vantage. Based on learning these gird — based clustering algorithms facilitate further research on clustering algorithm, so as to use gird

based clustering algorithm in practical problems and design better algorithm.
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