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New Method for Moving Object Detection Based on
Gaussian Kernel Density Estimation
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Abstract: A kernel density estimation background model‘ based on key sampling is presented in the moving object detection. A crucial
background information samples, which is obtained by means background of interval sequence and pixel similarity theory, is employed to
build background model for making the background of the establishment of the time significantly shortened. Meanwhile a fusion updating
mechanism is applied for auto— updating background model, which overcame the light change on the background of the impact of the re-
construction. Moving shadow is then removed completely by combining of gradient and clustering met};OdA Simulation experiment indi-
cates that the proposed method has characteristics of strong precision and fast speed, and further increased real — time performance.
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