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Abstract : Semantic similarity is broadly used in many applications such as information retrieval, information extraction, text classification,
word sense disambiguation, example — based machine translation and so on. Especially with the rapid development of Internet technology
in recent decades, calculation of semantic similarity has always been an important part of natural language processing and information re-
trieval research. Introduce several main methods of calculating semantic similarity , then two strategies of semantic similarity measurement

are summarized, and focus on the Hownet based on the structure of tree and use them to calculate the semantic similarity ,and finally the

two strategies are easily compared.
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