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Improved Method for Detecting Incremental
Approximately Duplicate Records

DAI Ying, L1 Xing-guc,ZHAO Qi-fei
(School of Management, Hefei University of Technology, Hefei 230009, China)

Abstract; Cleaning approximately duplicate records is an important task in data cleaning. Problems of detecting approximately duplicate
records when the data set is dynamically increased on the assumption of stable data model and matching rules are studied. An improved
method is proposed to deal with problems in the method based on clustering tree. The proposed method appoints proper weight to each
field of the record and reduces attributes through using ranked — based weights method; clusters duplicare records by creating a clustering
tree. To improve the efficiency of this method, a limen is added into the arithmetic. Finally, the validity of this method is proved by ex-

periment and further research directions are proposed.
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