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Abstract : Heuristic Particle Swarm Optimizer(HPSO) algorithm is an improved Particle Swarm Optimizer( PSO) algorithm for solving
constrained optimization problems. Combined HPSO algorithm with another constraint handling method, to increase the speed of HPSO

" algorithm in design optimization. Apply the improved algorithm to a truss structures optimal design examples and compare to HPSO algo-

rithm. Both the improved algorithm and HPSO algorithm run many times for this example. As can be seen from the statistics, the results
and stability of the improved algorithm are better than that of HPSO. The novel constraint handling method reduces the number of struc-
tural analysis. Therefore, the improved algorithm is nearly two times faster than HPSO.
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1 1.2.3.4 16 52/83,85,86,88,89,91,92, 103, ER ()  25445.63 25447. 1 25734.21 25657.38
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