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KPR : KA FEVLY M8 BB ; Rao — blackwellized particle filter; SURF
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Abstract; Introduce a real — time target tracking method for a mobile robot using laser range data and camera images. It can track a person
quickly and accurately. Obtained plenty of laser features which hit the person’legs as examplars set, discribe a Rao — Blackwellized particle
filter(RBPF) algorithm based on CRF model, where the observation potentials are learned from data. In order to compute the posterior the
grid filtering is used. The RBPF algorithm updated the weights and sample based on the posterior to realize the real —time tracking. Ac-
cording to the position of the person can estimate the person’ position in the image window, get the precision position of the person by
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computing the SURF features in this area.
Key words: conditional random field; grid filter; RBPF; SURF
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