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Applicatipn of Data Mining Technology of SQL Server 2005
in Customer Loyalty Model in Securities Industry
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Abstract: Studied on classification and expression forms of customer fidelity in securities industry and proposed an effectiv_t? method to eval-
uate customer fidelity in securities industry. Based on RFM customer evaluation method, integrated the normal pmc&s-of data — mining
and applied data — mining technology of SQL Server 2005 to the customer fidelity model in security, combining customers’ transaction da-
ta in & security company, made an accurate and rational classification, and proposed corresponding personalized marketing method for cus-
tomers with different fidelity. At last it used DMX language in client end to exert classifying rules and predict the class of customers.
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