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Research of Selective Ensemble Learning Algorithm
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Abstract: Through the selective ensemble, the algorithm would be more effective than each single one and better than the algorithm that
select all the base classifier, and the algorithm would have effective generalization ability. In this paper, a selective multi — level integrated
learning algorithm is presented. In the base classifier by repeatedly carried out by some of the weight of choice, the formation of a number
of integrated classifiers, the formation of the integrated classifier re — integration, the final integration of a majority vote classifier algo-
rithm to determine the output. For decision tree and neural network model in 20 data sets the standard learming algorithm of the integrat-
=]

ed experimental study of a Ada_ ens. Tested based on data integrated learning algorithm is better than the performance of the integrated
feature set based on the learning algorithm performance, better classification accuracy and generalization performance.
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8, fERERATHEWREBR N, » BRASHEBHTE

[2] fori=1tokdo

(3] H DRIBAERC1,Cr, .G

[4] HEEQRBE T L eromate(s), R BRE W(i) = 1/(1 -
errorrate(i))

(5] end for

[6] forj=1toh do

(8] IMEMARHBE W) RER f M EFRBER—AHE 0L
IF(i)

[9] end for

(10] fourB—TREIEFR € Tdo

(11] Fx(x) = vote( f1(x), f2(x) ", fa(x))

{12] end for
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Based classfiers

Integrated classifiers

Integrated portfolio classifiers

a)."+" is the correct classification.

Integrated portfolio classifiers

b) "-"is the correct classification.
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name Ada- ens Adaboost Bagging J48
balance - scale | 83.8400% | 78.8800% | 82.2400% | 76.6400%
breast—cancer | 72.3776% | 69.5804% | 73.4266% | 75.5245%
breast - w 96.2804% | 95.7082% | 95.8512% | 94.5637%
colic 85.0543% | 83.4239% | 85.5978% | 85.3261%
credit—a 86.9565% | 84.2029% | 85.3623% | 86.0870%
credit— g 75.3000% | 69.6000% | 74.0000% | 70.5000%
diabetes 75.5208% | 72.3958% | 74.0885% | 73.8281%
glass 73.3645% | 74.2991% | 71.0280% | 66.8224%
heart — ¢ 83.4983% | 82.1782% | 79.2079% | 77.5578%
heart—h 82.3129% | 78.5714% | 78.9116% | 80.9524%
ionosphere 93.7322% | 93.1624% | 93.1624% | 91.4530%
iris 94.6667% | 93.3333% | 95.3333% | 96.0000%
labor 82.4561% | 89.4737% | 84.2105% | 73.6842%
lymph 84.4595% | 81.0811% | 79.0541% [ 77.0270%
segment 97.1429% | 98.4848% | 97.4026% | 96.9264%
sonar 77.8846% | 77.8846% | 74.5192% | 74.5192%
soybean 94.1435% | 92.8258% | 93.2650% | 91.5081%
vote 96.0920% | 95.8621% | 96.3218% | 96.3218%
vowel 92.2222% | 93.3333% | 90.4040% | 81.5152%
200 96.0396% | 95.0495% | 93.0693% | 92.0792%
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name sizes attribute class
balance — scale 625 4 3
breast — cancer 2717 9 2
breast —w 683 9 2
colic 368 22 2
credit—a 653 15 2
credit—g 1000 20 2
diabetes 768 8 2
glass 214 9 7
heart—c 296 13 5
heart—h 294 13 5
jonosphere 351 34 2
iris 150 4 3
labor 57 16 2
lymph 148 18 4
segment 2310 19 7
sonar 208 60 2
soybean 562 35 19
vote 232 16 2
vowel 950 13 11
200 101 17 7

R H Ada_ens R T 10 J48 % 10 DK a1k
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name Adaboost Bagging J48
balance — scale win win win
breast — cancer win loss loss
breast—w win win win
colic win loss loss
credit—a win win win
credit—g win win win
diabetes win win win
glass loss win win
heart— ¢ win win win
heart—h win win win
ionosphere win win win
iris win loss loss
labor loss loss win
fymph win win win
segment loss loss win
sonar equ win win
soybean win win win
vote win loss loss
vowel loss win win
200 win win win
(F#% 94 )
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