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Research of Semantic Image Classification Based on Support
Vector Machine

LI Jing, YAO Ming-hai
(Information Engineering College, Zhejiang University of Technology, Hangzhou 310014, China)

Abstract: With the continually development of multimedia database, traditional image retrival method which is based on keywords can not
satisfy most of the requirement of image retrieval. In recent years, more and more researchers have transferred their focus of scientific re-
searches on content — based image retrieval. Extract the color and texture feature of the image, integrate color feature and texture feature
as the feature vectors. Use support vector machine correlating image low — level feature with high — level semantic. Experimental result
shows that, the retrieval of image with multiple features is better than that of image with single feature. The introduction of gray scale

texture feature into HSV color feature can improve the efficiency of image retrieval. Furthermore, support vector machine can be success-
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fully used in image semantic retnieval.
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