F208 %

” HENBERSRE

COMPUTER TECHNOLOGY AND DEVELOPMENT

[ S}

Feb. 2010

am

12010 4F 2

BT 7 kB — R B S R AL

FFL R ARR AR
(1. &Fe RSy BFER,ILHF R 210003;
2. PEMFEAKXS KA4FK, 2K 40 230026)

W B TXREBENER R RIOLRIER SR, BRI R A R E R , 8 OB ST R
BOLUMERAXFARVOBREN, ERMZHARID SEHRBERENBYIRXBOREEI. —8 HHRRE
REFBEZHFREFFANHELERRARPLNERQRN, TREARNEIE, ENESRPHRREEER
B —FHEMRRE, EdAREESAAKRN B RAERRRSRAERE TERH T ERALTEN

R,
KRR ARB TR B ERE B AR ES
HES %8 TP181 XWEIRIREG A XEHRE 1673 -629X(2010)02 — 0009 03

A New Fuzzy Support Vector Machine Based on Kernel Method
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Abstract : Support vector machine is sensitive to the noises .and outliers in the training samples, so fuzzy support vector machine precede
support vector machine in solving the problem of non — linearity. high dimension and uncertainty. The choice of fuzzy membership is the
key and difficulty for fuzzy support vector. Generally, the fuzzy membership is established according to the distance of between sample
points and its cluster center. A new fuzzy membership function is established, considering the relation ‘among samples using mixed kernel
function, based on mixed kemel function. The experiments show that fuzzy support vector machine with the new fuzzy membership is su-
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perior through comparing mixed kernel function with Polynomial kernel function and Gaussian RBF kernel function.
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Date endTime = new Date();
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