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Abstract: There are large amounts of data in housing and real estate E — government platform, and it can meet the application require-
ments of business systems, but it is also a critical content for e ~ government system on how to achieve an effective data — sharing and ex-
tract of more meaningful data and knowledge. Based on E — government platform’s designing and demands and the characteristics of the
housing and real estate industry, discussed how to apply the data warehouse and data mining techniques to help government dig useful da-

ta,and use them to make intelligently analyze and assist decision — making.
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procedure apriori L., — gen(L,_; : frequent(% — 1) — itemsets;min
— sup:mini_ sum
support threshold)
for each itemset [; € L,_,
for each itemset I, & L,_,
if(2,{1] = LI A (42] = BI2D A A (e -2]
= Llk-2]D) A
(Lilk = 1] = 4,0k — 1])then|
C = I D> 4!, //join step, generate candidates
If has_ infrequent_ subset(C, L,_ )then
delete C;
else add C 1o C,3
}
return C,
procedure has_ infrequent_ subset(C: candidate K — itemset;
Ly :frequent(k — 1) — itemsets) //use prior knowledge
for each(k ~ 1) — subsets of C
if s & Ly_y then
retum true;
Jreturn false;
ol U o 7 A N R SR e i €
PESRE I
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FETIE,
A EYEARRE D&/ 3AFE B min — supo
Bilh: DPRSENEL,
L, = find_ frequent_ 1 — itemsets(D);
for (k = 2;L 7= D3k ++) |
C, = apriori_ gen(L,_, ,min_ sup);
for each transaction ¢+ € D {//scan D for counts
C, = subset(C,,t);//get the subsets of t that are
candidates for
each candidate ¢ € C,
c.oount ++;
!
L, = {c € G ) c.count => min. sup)
!
return L = Uld,;
3.2.2 HFRAESAXBEAR
Hi Apriori J35 3 1 8038 FE b A0SR B DU B R AR
EEFERIEBAN NS R/ N IFENRANER

BoH
BERIFLI
B :support( A=B) = P(A U B)
BiEE:
confidence(A=>B) = P(B 1 A)
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