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A Novel FCM Clustering Algorithm
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Abstract : There are two issues in the application of FCM clustering algorithm: one is that the FCM algorithm is too sensitive to the initial
cluster centers, people can get different clustering result from different original clustering center, and the other is that the number of the
clusters C needs to be determined in advance as an input to the algorithm, but C always does not be known. Based on this, a novel algo-
rithm of FCM is proposed in this paper. Based on the FCM, a penalty term is added into the objective function and the above — mentioned

issues can be resolved. The simulation demonstrates the feasibility and validity of the proposed method.
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