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Abstract: For the key issuses that how to reduce the data fragmentation and sub — tree repeat in training the decision tree, the concept to

construct the characteristic data set basing on the fractal dimension are presented: selecting number k of all attributes ordered by informa-

tion gain according the embeding dimension of the source data set, the method of droping the redundancy attributes and the infection of

information loss to decision tree is discussed. In the experiment, the decesion trees are trained on different characteristic data sets that one

is by directly selecting some attributes from source data set and another is made up, analysing the results from two decision trees applied

to test data set proves the method is effective.
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Input training set having p test - attribute as {al a2, +ap!
Optput one decision tree
procedure:
creat node n
if set in same class C then
return N as lcaf of the tree and label C as class
if no element from attribute - list then
return n as leaf of the trec and label with general class
select the most gain from the all gain thar calculate every at-
tribute from test_ attribute
label node n as test - attribute
fori=1 to p!

set a new divarication that fits test_ attribute=a(i)
set sub_set is the from the trining _ set that test_ attribute =

{ail

if sub_ set is null
generate a leaf and label with general class
else
creat another node that from training set having test- at-
tribute - left //drop {ail
|
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Input Training Set S, having p attributes, k as cluster number,

Output k similar attribute sets (k<<p)
Procedure:
fori=1 top
calculate the D’ (Ai) =D(s) ~ D(s/Ai)
let mD=Max{D’(A1),D’(a2),...D’(Ap)}
fori=1top
calculate the 8A; = &P~ 040
random choose k {Ail as the initial cluster center
repeat
assign the each residual attribute to its nearest cluster

calculate new center of each cluster

until the every center position keeps invariable
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